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Abstract—Nowadays a huge amount of multimedia contents is generated in disparate manners with different devices and then 

uploaded on the Internet. During upload or once on-line, they are shared with other known users and, ultimately, played or 

downloaded. These digital assets, accessible on the Internet, mostly flow through social networks (SN) and constitute a real-

time source of information. Filter has been performer an image possibly will be of elemental import to go back to its 

provenance. In this Project it is such a context and proposes an innovative method to inquire if an image derives from a social 

network. The modus operandi is based on the assumption that each social network applies a peculiar and mostly unknown 

strategy that however leaves some distinct traces on the image such traces can be extract to feature every dais. By resorting at 

trained classifiers, the presented methodology is satisfactorily able to discern different social network origin. This method is 

also able to go back to the original JPEG quality factor the image had before being uploaded on a social network. 
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I. INTRODUCTION 

 

This system fully focuses on the encryption with outsourced 

revocation. User can get the service from the service 

provider after that can upload the files to the corresponding 

cloud server. PKG (Private Key Generator) is the process to 

generate private key to the user and cloud server. [1]. 

 

When the file revocation process the private key and updated 

key to be combined and verify to the user after that the file 

can be downloaded from the cloud server. [2]  

 

File Revocation is the process to outsource the data from one 

server to another server. When the revocation process the 

revocation request can be send to the server and after that the 

private key and updated key combine with matching and 

revocation the file. After the completion of file revocation it 

can be downloaded from the corresponding server. Key 

Update cloud service provider can update the key for the 

outsource the date to the user to cloud service provider. 

Before store the files into the server it can be verify, encrypt 

and re encrypt the file after that stored into cloud server. 

The first and foremost objective of the project is to check the 

image source from different networks and find out the 

duplicate images with quality factor. If the original user of 

image provide access then the other user can upload it. The 

main scope of the project is to find out the original image 

uploaded by the authorized user and restrict the other users 

to upload the same authorized image. Now the user can store 

the files with effective security mechanisms and retrieve 

files from the cloud server in a combine key process with 

updated key and private key. To access this project concepts 

while the large number of cloud service provider in a better 

manner. File security mechanisms are used to save the files 

in a effective notations. The cloud user allows retrieving data 

from the different cloud service provider. 

 

II. APPLICATION 

 

Social network sites (SNSs) have been achievement esteem 

and manipulate in on a daily basis. The application of using 

SNSs in an edification field is likely to provide more 

benefits to teacher and student. Especially when used in the 

teaching and learning management.. The author made a 

comparison of SNSs: Face book, Twitter, Google Plus, and 

Schoology in various features that related to the use and 

application for teaching and learning management. 

Application of using SNSs with available online tools: 

YouTube, Skype, Dropbox, Google Docs, and Google 

Calendar to assist in teaching and learning management are 

present. From the in turn that the author provides, the author 

has commented. The applying of Schoology that designed 

for ―especially when used in the teaching and learning 

management is suitable to work together with online tools 

and can support the teaching and learning management more 

perfectly.‖ Moreover, if using the popular SNSs such as 

Facebook and Google Plus for portion to publicize in rank 
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that related with teaching and learning management, it 

allows easy access to the user. 

 

III. METHODOLOGY 

 

In system, a huge amount of multimedia contents is 

generated in disparate manners with different devices and 

then uploaded on the Internet. During upload or once on-

line, they are shared with other known users and, ultimately, 

played or downloaded. These digital assets, accessible on the 

Internet, mostly flow through social networks (SN) and 

constitute a real-time source of information. Simply 

searching throughout the Internet, it clearly transpires from 

the various, more or less reliable, statistics, that it exists an 

extraordinary interest on social networks.  

 Source is not identified. 

 Image duplication is allowed. 

 

CURRENT SYSTEM 

In system, a classification system to distinguish among 

images. Another interesting topic in the source identification 

task is about to distinguish among various classes of devices 

(e.g scanned images, photos, computer generated) extracting 

some robust and characterizing features. a method to identify 

photos created by different sources without any type of 

previous knowledge is proposed suggesting a blind 

clustering of the different source.  

 

The explosion in the usage of social network services 

enlarges the variability of image data and presents new 

scenarios and challenges in the source identification and 

classification task. Recovering as much information as 

possible about the originating device or on the processing 

that has been applied could be fundamental to comprehend 

if, for instance, an image is authentic or has been 

manipulated to change its initial representation and meaning. 

 

 Source is identified. 

 Duplicate or repeated images are not allowed. 

 Image compared with the quality. 

 

IV. RESULT ANALYSIS 

 

 User Verification 

 Image Duplication 

 Access Post 

 Source Find 

 Image Origin Classification 

 Friend Search 

 

UPDATE PROFILE INFORMATION 

User can update their profile information like username, to 

ensure security they are allowed to change password 

accordingly and user can update their profile picture as to 

the trend. 

 

GROUP CREATION 

Automation group will be created based on the interest of 

users. Here we find out the similarities between user interest 

and group will be generated. 

 

POST INFORMATION 

User can post their interests in the wall where others can 

able to know the user interest and get reviews from them. 

 

SOURCE FIND 

This has constituted the main requirement having to 

envisage that thousands of images were to be automatically 

posted on each platform and then to be downloaded to viably 

perform experimental tests for SN provenance identification. 

 

IMAGE ORIGIN CLASSIFICATION 

The introduction of the usage of feature-based descriptors 

able to allow a distinction among the processing suffered by 

the images when uploaded on a specific social network. 

The definition of a technique based on such features which 

by resorting at trained classifiers is able to identify the social 

platform of provenance and also to detect the quality factor 

before uploading.  

 

 
FIG 1:ARCHITECTURE 

 

DATA COLLECTION 

Table 1-register 
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Table 2-update 

 
 

Table 3- search 

 
 

FRIEND SEARCH 

Personal unique interest is modeled to get an accurate model 

for the cold start user and user with very few friends and 

rated items. The impacts of the three factors to the 

recommendation performances are systematically compared. 

Three social factors, personal interest, interpersonal interest 

similarity, and interpersonal influence, fuse into a unified 

personalized recommendation model based on probabilistic 

matrix factorization. 

 

LOCATION BASED RECOMMENDATION 

Based on the location specific by the user people belong to 

that location will be   recommended. This module allows to 

finding friends based on the specific landmarks. An user is 

allowed to post and share information about the specific 

location where it is more useful for other users who are 

unaware of that specific location. 

Advertising is used to promote the business to the largest 

audience at some extent. The whole world is open for doing 

business. Social media can be used to promote their business 

to some level. It helps to increase the profits and achieves 

the targets of Business. Social media is the new buzz area in 

marketing that includes business, organizations and brands 

helps to create  

 

OUTPUT SCREENS 

 
FIG 2: HOME PAGE 

 

 
FIG 3:LOGIN 
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FIG 4:  IMAGE COMPARISON 

 

 
FIG 5:  ORIGINAL IMAGE 

 

IMAGE METHODOLOGY 
Before being uploaded on social networks digital images 

presumably are in JPEG format being usually created with a 

photo-camera or a Smartphone and then they undergo a 

specific processing which is typical of each social network; 

though it is not known what actually happens it is expected 

that a JPEG compression is applied to reduce the size of the 

image and/or to adapt it to the needs of the social platform, 

for example in terms of visualization, sharing and small 

footprint. On this assumption, it has been decided to take 

into consideration the DCT (Discrete Cosine Transform) 

domain to look for distinctive traces of such a processing. In 

fact, it is wellknown in forensic scientific literature that DCT 

coefficients are useful to track distortions introduced by 

JPEG compressions [31]. To do that, a certain number of 

DCT (8   8 block) dequantized coefficients. 

ck(i; j) (k = 1; 2; :::;Nc) are taken for every  block and 

organized in a histogram separately for each k. The index k 

is associated to a specific spatial frequency (i; j) following a 

zig-zag scanning and Nc indicates the number of analyzed 

DCT coefficients. The DC coefficient (k = 0) is skipped. 

Following the objective to keep track of any possible 

distinctiveness, each histogram has a bin-step size of 1 and 

represents positive and negative values; anyway to avoid 

having a huge amount of accumulation classes, bin values 

have been limited between  BT , so, for example, the BT bin 

contains the occurrences of all the values   BT. 

 

V. CONCLUSION 

 

In this paper it proposed a novel methodology to distinguish 

images coming from different social networks. Allow a 

distinction among the processing suffered by the images 

when uploaded on a specific social network. A personalized 

recommendation approach was proposed by combining 

social network factors: personal interest, interpersonal 

interest similarity, and interpersonal influence. In particular, 

the personal interest denotes user’s individuality of rating 

items, especially for the experienced users, and these factors 

were fused together to improve the accuracy and 

applicability of recommender system. It conducted extensive 

experiments on three large real-world social rating datasets, 

and showed significant improvements over existing 

approaches that use mixed social network information 
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